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Abstract
The paper takes up concerns about socially corrosive effects of rising economic inequality in
Western societies. In view of conflicting evidence from prior research relying on either crosssectional or longitudinal data, we compile a harmonized database of cross-nationally comparable survey data from 32 countries and spanning a four-decade observation window to provide new evidence on the relationship between inequality and social trust. Based on our own
estimates, we contribute the following key observations: first, rising economic inequality has
led to lower levels of trust, but properly isolating this effect requires to account for the role of
simultaneous increases in prosperity. Rising prosperity increases social trust, and tends to
empirically outweigh the adverse effects of rising inequality in the aggregate. However, there
is evidence of a tunnel effect, so that inclusive growth and public redistribution become increasingly important for sustaining social cohesion in more affluent societies. We also find
that the positive effects of rising prosperity to a significant extent accrue as private trust
gains among successful citizens, so that the contextual effects of a changing income distribution appear decidedly more negative than their total effects. As contextual effects furthermore vary by level of education, we find rising prosperity (but not rising inequality) to create
an increasing trust wedge between privileged and less fortunate members of society.
Keywords
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Introduction
As pointed out by Durkheim (1964 [1893]) more than a century ago, it is a defining characteristic of modern societies that communal sentiments among its citizens may no longer be
seen as preordained, but instead as contingent and as requiring the continuous support created
in the regular interactions of social life. This “organic” nature of social cohesion as resting on
the voluntary acts of bonding between autonomous citizens has clearly been among the important sources of motivation for a perennial stream of cultural criticism, yet has equally
clearly been posing the challenge to the social sciences of identifying the sources of such “organic solidarity” in modern societies more specifically. And featuring prominently in many
accounts is societal homogeneity along either economic, religious or ethnic and racial dimensions as a facilitating condition, which renders the Durkheimian distinction between mechanic and organic solidarity somewhat less principled than usually understood (see also
Delhey and Newton 2005; Schilke, Reimann and Cook 2021), and which may bode ill for social cohesion in postindustrial societies that are characterized by increasing economic disparities as well as increasing levels of ethnic, racial and religious diversity.
This line of reasoning and its underlying concerns met with renewed academic and
public interest in the wake of Wilkinson and Pickett’s (2009) influential treatise The Spirit
Level, in itself a bold statement on the socially corrosive nature of high levels of economic
inequality in affluent countries. And while Wilkinson and Pickett (2009) have drawn sharp
academic criticism for significant methodological and theoretical shortcomings in their study,
one cannot fail to notice that their basic claim is well in line with the established research literature: looking at social trust specifically, a string of well-known cross-sectional studies
from Knack and Keefer (1997) to Zak and Knack (2001), Delhey and Newton (2003; 2005),
Rothstein and Uslaner (2005), Uslaner and Brown (2005), Bjørnskov (2007; 2008), Bergh
and Bjørnskov (2014), and Barone and Mocetti (2016) has characterized income inequality as
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a strong, if not as the most important predictor of trust in affluent economies (also see Algan
and Cahuc 2014; Kumlin, Stadelmann-Steffen and Haugsgjerd 2018 for broad reviews of the
literature), and works like Uslaner (2002), Uslaner and Brown (2005), or Bjørnskov (2012)
have furthermore linked rising income inequality to declining levels of social trust in U.S.
time-series data. On the other hand, empirical support for an inequality-trust relationship is
not unequivocal, as some researchers have emphasized that income inequality is confounded
with racial fragmentation in the United States (e.g., Alesina and La Ferrara 2002), and as
there is mounting evidence from repeated cross-sectional data that over-time changes in inequality may not be systematically related to concomitant changes in social trust (see e.g.,
Fairbrother and Martin 2013 for the U.S.; Olivera 2015 for a sample of 30 European
countries; and also the closely related study of Delhey and Steckermeier 2020 on the broader
Wilkinson/Pickett index of social ills in some 40 affluent countries).
To respond to the challenge of conflicting evidence from cross-sectional and longitudinal research, the present study seeks to contribute new empirical evidence on the macroeconomic roots of social cohesion. As we concur with the argument in recent contributions of,
for example, Fairbrother and Martin (2013), Olivera (2015), Delhey and Steckermeier (2020)
as well as with general principles of causal inference suggesting that the longitudinal (overtime, within) association between inequality and trust should be at the center of attention in
order to alleviate concerns about omitted variable bias in estimates based on observational
data (see e.g., Halaby 2004; Gangl 2010; Morgan and Winship 2015), we compile a newly
harmonized database of cross-nationally comparable survey data covering more than 900,000
respondents from 32 affluent countries and spanning a four-decade observation window from
1980-2019 in order to provide sufficient over-time variation in either economic inequality or
social trust on which to base our empirical estimates of the inequality-trust relationship.
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Combining this database and estimates from hybrid multilevel models with country
fixed effects, we contribute the following key observations to the debate on the macroeconomic roots of social cohesion: first, rising economic inequality has in fact led to lower levels
of trust, but properly isolating this effect requires to account for the role of simultaneous increases in prosperity. Rising prosperity increases social trust, and its positive effect tends to
empirically outweigh the adverse effects of rising inequality in the aggregate in almost all
countries studied. However, there is evidence of a tunnel effect, i.e. declining tolerance of inequality at higher levels of prosperity, so that inclusive growth and public redistribution become increasingly important for sustaining social trust in wealthy societies. We also find that
benefits of rising prosperity to a large extent accrue as private trust gains among successful
citizens, so that contextual effects of macroeconomic conditions appear decidedly more negative than their total effects. As contextual effects furthermore vary by citizens’ level of education, we find rising prosperity (but not rising inequality) to create an increasing trust wedge
between privileged and less fortunate members of society in affluent countries.

Macroeconomic roots of social trust
In line with its fundamental importance, there is no dearth of research on the determinants
and consequences of social trust, nor is there any dearth of competing analytical traditions to
explain the emergence of trust. As captured in quintessential fashion in the famous survey
question on generalized trust that reads as simple as “Generally speaking, would you say that
most people can be trusted or that you can’t be too careful in dealing with people?” and that
will also form the backbone of our present research, trust first and foremost is an actor’s cognitive belief about the state of, in the specific case, the society she is living and interacting in
(cf. Rothstein and Uslaner 2005; Delhey and Newton 2005; Delhey, Newton and Welzel
2011). Undoubtedly, this belief carries moral connotations: placing trust is equivalent to an
actor’s conviction that she will not be exploited when entering an interaction with another
3

agent, or, put differently, it is the trustor’s conviction that the trustee will also be bearing her
own best interest (rather than the trustee’s own personal interest only) in mind when conducting an interaction with each other. The notion of trust as encapsulated interest (e.g., Hardin
2002; Cook, Hardin and Levi 2005) therefore irrevocably relates to the perceived or imagined
morality of others: it is nothing else than the agent’s belief about how others are (typically)
behaving in situations of social exchange, i.e. trust is the equivalent of the agent’s expectation
of cooperative play in a one-shot prisoners’ dilemma. With generalized trust more specifically, the distinctive feature is that the identity of the trustee is left deliberately unspecified,
so that the required evaluation of morality is extended to the widest possible radius of “society at large” (see Delhey, Newton and Welzel 2011 for an in-depth treatment of the radius of
trust issue inherent in the standard question). Generalized trust in other words provides an
omnibus measure of morality in social interactions as perceived by citizens themselves. It
therefore taps a vital dimension of social cohesion, namely the procedural or “thin” dimension of non-exploitative, instrumentally positive-sum exchange relationships within a wide
spectrum of social interactions. Importantly, this “thin” dimension of cohesion is complementary to, but also clearly distinct from the “thick” dimension of social bonding, belonging and
identity that is tying citizens emotionally to each other and to a larger community.
As social trust represents the (degree of) belief in the morality of others, it is certainly
tempting to locate the origins of trust primarily in the moral realm as well. The oft-cited stability of measured trust at the level of individual citizens lends credibility to the notion that
trust may be seen as a moral disposition (as argued most forcefully by Uslaner 2002), as
much as the stability of country rankings is suggestive of claims about the role of specific national or regional cultural environments in sustaining high levels of social trust at the macro
level (e.g., Putnam 1993; Uslaner 2002; Bjørnskov 2007; Nannestad 2008). Yet as much as it
is correct to emphasize the cultural sources of trust, this does not imply anything like the
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stark opposition or even horse race between cultural and experiential explanations of trust
that is occasionally being portrayed in the current literature. Ethnic and racial homogeneity
may be conducive to sustaining a sense of shared fate because it helps expand homophilybased principles of in-group solidarity to the level of a national society (see Delhey and
Newton 2005; Bjørnskov 2007; Dinesen and Sønderskov 2018), religious communities may
serve to inspire a sense of morality and solidarity (Uslaner 2002; Delhey and Newton 2005;
Bjørnskov 2007), professionalism in public bureaucracies and corporate life may create
strong norms against corruption (e.g., Rothstein and Uslaner 2005; You 2018), and strong
welfare states are effectively institutionalizing and expressing widely held norms of solidarity
in the citizenry (Andreß and Heien 2001; Uslaner 2002; Rothstein and Uslaner 2005; Kumlin,
Stadelmann-Steffen and Haugsgjerd 2018) – yet each of these cultural associations also has
some ready experiential complements that may likewise help create and sustain beliefs in the
trustworthiness of others. It may be that “thick” social bonding along ethnic and racial lines
or within religious communities also becomes reflected in actual patterns of (segregated) positive-sum interactions (Dinesen and Sønderskov 2018), corruption may be depressing trust
because of respective and concrete daily experience with public or corporate officials (e.g.,
Rothstein 2011; You 2018), strong welfare states do not just symbolically represent the notion of solidarity, but provide many material benefits like cash transfers, health insurance or
public child or elderly care services to those requiring them (Esping-Andersen 1990;
Rothstein and Uslaner 2005), solidarity, trust and other cultural patterns tend not to be preordained but based on social learning and observation from others, whether peers or parents
(e.g, Blau 1964; Bowles 1998; Macy and Skvoretz 1998; Glanville and Paxton 2007), and
even what appears as a strong individual disposition towards morality may rest not so much
on psychological or even genetic fundamentals, but on manifest socializing experiences made
during the formative stage of adolescence and later in life (cf. Glanville and Paxton 2007).
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Inequality and prosperity as drivers of social cohesion
Rather than supporting attempts to pit cultural and experiential accounts against each other,
the existing literature in our view provides researchers with an eclectic list of plausible and
possibly complementary social mechanisms to create and sustain trust. As we specifically
seek to understand and empirically isolate the role of macroeconomic conditions in the creation of social trust in the present paper, we will draw on these mechanisms to derive a set of
explicit and testable hypotheses to guide our subsequent empirical analyses. In doing so, we
will be adopting an effects-of-causes approach to the study of social trust, so that we will focus our theoretical argument as well as our subsequent empirical analysis solely on the purpose of properly isolating any causal effect of macroeconomic conditions on social trust. As
the challenges to valid causal inferences in the social sciences are well known (e.g., King,
Keohane and Verba 1994; Winship and Morgan 1999; Gangl 2010; Morgan and Winship
2015), adopting an effects-of-causes perspective is meant to help focus the inferential task of
the present research, but of course not to downplay the substantive importance of alternative,
non-economic determinants of trust, nor even to claim any explanatory primacy for macroeconomic factors in sustaining high levels of social trust in the first place. Instead, what we
seek to do with the present research is to contribute a further piece of evidence to the classically sociological tradition of examining how manifest economic conditions translate into
subjective attitudes, values and political preferences in society (e.g., Lazarsfeld, Berelson and
Gaudet 1944; Lipset 1960; Almond and Verba 1963; Inglehart 1977; 1990; De Graaf,
Nieuwbeerta and Heath 1995; Inglehart and Baker 2000).
Our focus on the macroeconomic context is in fact motivated by three interrelated observations. There is first and foremost a strong academic consensus that economic inequality
is depressing social trust, which is confirmed in numerous well-known empirical studies (e.g.,
Knack and Keefer 1997; Zak and Knack 2001; Alesina and La Ferrara 2002; Uslaner 2002;
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Uslaner and Brown 2005; Delhey and Newton 2005; Bjørnskov 2007; Bjørnskov 2008;
Bergh and Bjørnskov 2014; Barone and Mocetti 2016) and which is consistent with the
field’s theoretical baseline of expecting societal divisions and cleavages to hamper the development of widespread trust among citizens (e.g., Uslaner 2002; 2012; Delhey and Newton
2005; Bjørnskov 2007; 2008). At the same time, this well-established regularity has assumed
prominence and new interest against the simple empirical fact that economic inequality has
been on the rise for the past three to four decades in most affluent countries, and has begun to
inform the wider academic and public thinking about potential social consequences of rising
inequality in the wake of popular treatises like Wilkinson and Pickett (2009) and their subsequent reflection in high-level monitoring efforts of the OECD (2008; 2011; 2015; 2018;
2021) and others. Yet, somewhat ironically, the widespread acceptance of the inequality-low
trust association as causal has occurred against the reality that most of the supportive evidence has been coming from cross-sectional studies to date, that the challenges of asserting
causality from cross-sectional evidence are well-known and have long been used to caution
against any uncritical reading of the cross-sectional evidence (e.g., Winship and Morgan
1999; Halaby 2004; Gangl 2010; Morgan and Winship 2015), and also that there is mounting
evidence from longitudinal studies that the presumed inequality-low trust association may be
spurious or at least much weaker than what is reported in the cross-sectional data (cf.
Fairbrother and Martin 2013; Olivera 2015; Delhey and Steckermeier 2020).
We believe that the mixed nature of the available empirical evidence calls for a re-examination with, possibly, more extensive and longitudinal data, but we do not believe that
this would provide a case for shedding the field’s baseline hypothesis in the process. There is
merit in the argument that increasing economic distance is likely to undermine the sense of
shared fate in a population (e.g., Uslaner 2002; Delhey and Newton 2005; Rothstein and
Uslaner 2005; Bjørnskov 2007; 2008), and that rising inequality may be expected to lower
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social trust and cohesion in consequence. This may occur as an implication of increasing residential and neighborhood segregation that is a regular correlate of rising economic inequality
and that may imply increasingly socially segregated spheres of interaction (e.g., Uslaner
2012), it may be the case that the actual quality of social interactions is deteriorating when
potentials for exploitation increase with increasing status differentiation in society, or it may
be that rising inequality is fostering the political and social clout of an increasingly distinctive
economic elite. And whatever the exact mechanism, it is straightforward to see that the standard baseline hypothesis follows from these lines of reasoning as:
Hypothesis 1: Rising economic inequality reduces the level of social trust, primarily
because of increasingly segregated social spheres and a declining sense of shared
fate in the population that are associated with upward changes in inequality.
Positing this effect of rising economic inequality is an insufficient description of the
relationships between macroeconomic conditions and social trust, however. At the very least,
it is imperative to develop a parallel expectation on the role of rising economic prosperity, i.e.
to discuss not only the increasing variance of economic conditions among the citizens of affluent countries, but also the implications of any parallel mean shift in the income distribution. Empirically, affluent economies have not only seen considerable increases of economic
inequality over the last three to four decades, but have also experienced quite sizeable increases in standards of living in their populations, typically in the order of doubling real GDP
per capita or more (cf. World Bank 2021). Methodologically, this empirical correlation of
trends creates the evident necessity to incorporate both effects simultaneously into a regression specification aimed at, as we will do below, identifying the longitudinal associations between changes in the income distribution and changes in trust, yet there also is a genuine substantive interest involved. Despite the fact that a surprising number of empirical studies do

8

not seem to feel a need to account for society’s level of economic prosperity when explaining
its level of social cohesion, most of the existing evidence points to a clear positive relationship between prosperity and trust (e.g., Knack and Keefer 1997; Zak and Knack 2001;
Alesina and La Ferrara 2002; Delhey and Newton 2005; Durlauf and Fafchamps 2005;
Olivera 2015). And although rarely discussed, a positive effect of prosperity on trust could
well follow from a combination of trust-generating mechanisms discussed before: rising prosperity (and declining economic need) might mean that the incentive for showing exploitative
behavior in social interactions (including trickery, deception, or outright theft) is diminishing
across the board (see Henrich et al. 2005; Henrich et al. 2010 for suggestive evidence on
fairness levels in cross-cultural experiments), it may be that personal well-being indirectly increases trust via a spillover to actor’s moral optimism towards others (see Uslaner 2002), via
the shift from materialistic-competitive survival values to a more benevolent mindset centered on self-expression, autonomy and trust (e.g, Inglehart and Baker 2000), or it may be the
case that a higher level of autonomy and resources permits agents a greater degree of risktaking in social interactions (e.g., Bjørnskov 2007), resulting in Hardin’s (2002) “capacity to
trust” and the increased trust level that is expected to follow. In either case, an upward mean
shift in the income distribution, i.e. rising economic prosperity, may be expected to imply the
opposite effect of an upward shift in its dispersion, and so we arrive at our
Hypothesis 2: Rising economic prosperity increases the level of social trust, mainly
due to rising levels of optimism, autonomy and positive experiences of exchange in
the population that are associated with upward changes in prosperity.
Inherent in these two baseline hypotheses is the assumption that changes in the shape
of the income distribution – i.e. changes in mean income levels and changes in the level of
income dispersion – would be the main macroeconomic drivers of social cohesion. Adding a

9

discussion of the business cycle, i.e. macroeconomic volatility, would be an obvious third dimension for how macroeconomic forces might affect trust and cohesion. Yet as previous research as well as our own respective robustness checks clarifies (e.g., Uslaner 2002;
Nannestad 2008; and see Appendix A2 below), social trust is not found markedly responsive
to short-run changes in macroeconomic conditions, but appears to mostly reflect slow-moving and rather fundamental cognitive beliefs. We therefore likewise focus on macroeconomic
fundamentals as captured by the location and shape of the national income distribution in the
present analysis, but will first add two important qualifications to our baseline hypotheses before moving on to the empirical data.
Moderated macroeconomics: the tunnel effect and public redistribution
The first of these qualifications relates to a potential interaction between prosperity and inequality, i.e. between the effects of a mean shift and the effect of a shift in the dispersion of the
income distribution. This is a separate consideration from the above insofar as our baseline
hypotheses tried to state and clarify why both aspects of the income distribution may be expected to generate different implications for social cohesion, and also why the empirical fact
of a positive correlation between changes in prosperity and changes in inequality over the
past three to four decades necessitate a joint empirical analysis to correctly identify their effects on trust. On top of these, a famous argument advanced by Hirschman and Rothschild
(1973) indeed implies the expectation of a specific interaction between prosperity and inequality, specifically the so-called tunnel effect. This (interaction) effect describes a temporary
increase in social tolerance of inequality in times of growth, and results, in Hirschman and
Rothschild’s analysis of the demand for redistribution, from a temporary suspension of envy
among the less fortunate members of society. Even when citizens may not experience personal success at any particular point in time, so the argument, rising levels of prosperity in society still convey information about and create an expectation of future personal economic
10

gains that limit negative sentiments versus luckier members of society. Over time, however,
this temporary suspension of envy weakens, and hence a broader dispersion of economic
gains becomes necessary to maintain citizens’ sense of legitimacy, if not even of common
purpose. Extrapolating from demand for redistribution specifically to the broader case of social cohesion, Hirschman & Rothschild’s classic analysis thus suggests
Hypothesis 3: With increasing levels of economic prosperity, public tolerance for
economic inequality decreases and the negative relationship between inequality and
trust intensifies accordingly. The resulting interaction between prosperity and inequality is the “tunnel effect” of Hirschman and Rothschild (1973).
Indeed, although not pursued in their original work, Hirschman & Rothschild’s analysis suggest a further refinement of the tunnel effect hypothesis. In large-scale societies, the
tunnel effect is likely to materialize only when dissatisfaction with (rising) inequality passes
the threshold from individual to widespread, i.e. to public dissatisfaction. But to meet such
widespread dissatisfaction, charity or other voluntary acts of redistribution are unlikely to be
effective, and dedicated and publicly visible political responses are instead likely to be required (see Rothstein and Uslaner 2005 for a related argument). When institutionalized redistribution is thus increasingly required to restore citizens’ sense of shared fate and community,
one may specify the tunnel effect hypotheses more precisely with a direct reference to the
role of welfare states as
Hypothesis 4: When public intolerance of inequality is creating the “tunnel effect”,
Hirschman and Rothschild’s (1973) conjecture implies that political responses to
rising inequality become increasingly important for maintaining high levels of social
trust in affluent societies. The tunnel effect can thus be expected to apply to the interaction between prosperity and the level of public redistribution more specifically.
11

Interestingly, the existing empirical literature has so far largely failed to see a role for
public redistribution in maintaining high levels of social trust (e.g., Bergh and Bjørnskov
2014; but see Rothstein and Uslaner 2005 for counterveiling arguments and evidence),1 yet
has also rested on standard main effects specifications and has therefore not explored its potential conditionality on levels of prosperity. In that sense, the tunnel effect hypothesis might
turn out to be helpful in resolving one apparent puzzle in the trust literature over and above
its specific application in the present analysis.
The macroeconomics of social cohesion: private or social roots?
All of the foregoing has provided an argument about the relationship between economic conditions and social trust that has remained exclusively at the macro level. This is quite in line
with the literature in the field, but begs the obvious question as to whether the presumed effects are indeed social in nature, i.e. applying to the citizenry at large, or whether the relationship between economic conditions and cohesion may have mostly private roots, i.e. whether
the effect of macroeconomic conditions on trust might be mainly a matter of citizens’ personal economic success rather than a matter of increasing levels of prosperity or inequality in
society at large. Evidently, the exact determination of the relative roles of social and private
channels in translating macroeconomic conditions into social trust and cohesion are most
likely an empirical matter. When presuming the foundations of trust mainly to lie in the moral
and cultural realm, it seems most natural to argue for a societal-level channel of transmission,
as implicit in, for example, any arguments that relate macroeconomic conditions to sentiments of shared fate or common purpose in a population. When recurring to the experiential

1

In fairness to empirical reality, it should perhaps be pointed out that the key piece of evidence in the wellknown study of Bergh and Bjørnskov (2014) actually supports the exact opposite reading of the one forwarded
by the authors themselves. The main regression estimates in their Table 2 (p. 192, columns 1 and 3) demonstrate
the welfare state to be effective in counteracting the negative effect of market inequality, not its lack of
effectiveness as the authors prefer to report it.
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nature of trust, i.e. when seeing trust as being to some extent, if not largely as rooted in citizens’ actual (past) experiences in concrete social interactions, however (e.g., Blau 1964), then
asserting a significant role for the private transmission channel becomes compelling. The
higher level of individual autonomy that comes with higher levels of individual resources will
alone contribute to a higher quality of social interactions ceteris paribus. Likewise, one may
presume that the quality of interactions is likely to decrease for the less fortunate members of
society specifically when rising economic inequality should imply increasing potential for exploitation. Combining both considerations brings us to the final
Hypothesis 5: Due to the experiential nature of trust, the positive effects of rising
prosperity will in part accrue as private increases in trust among the more successful members of society, and the negative effects of inequality are likely to accrue in
part as private trust declines among the less fortunate members of society. By implication, the contextual (i.e. social) effects of prosperity and inequality on trust will be
considerably more negative than their total effects.
Indeed, the fact that more resourceful, high-SES citizens are also more trusting of
their fellow citizens as well as of societal institutions has long been a staple in research on
civic culture and in political sociology more generally (Almond and Verba 1963; see e.g.,
Brehm and Rahn 1997; Paxton 2007; Helliwell and Putnam 2007; Zmerli and Newton 2011
for more recent summaries). What is much less commonly appreciated but put in explicit focus with hypothesis 5, however, is how to interpret this standard finding in the light of larger
economic changes or structural and institutional conditions that shape attitudes and orientations. Multilevel modelling has become a standard methodology in the field, but few researchers seem to fully realize that the distinction between total and contextual effects is at
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the heart of these models and that the substantive interpretation of parameters differs significantly, depending on whether or not respondent characteristics are being controlled for or not.
As hypothesis 5 seeks to alert readers, there are good theoretical reasons to suppose that macroeconomic conditions may affect trust via social as well as private channels, i.e. via genuinely contextual effects and via compositional changes in the population, and that the nature
of the implied counterfactual is hence of crucial importance when making substantive inferences. Indeed, our own subsequent analysis will illustrate that point empirically, and will
demonstrate how inferences about the relationship between macroeconomic conditions and
social cohesion clearly differ depending on whether it is the aggregate (total) or contextual
(social) counterfactual that is being addressed.

Research design, statistical modeling and available data
To evaluate the above predictions against suitable empirical data, we have compiled and harmonized a database of survey microdata from Eurobarometer (EB), European Social Survey
(ESS), European Values Study (EVS), General Social Survey (GSS), International Social
Survey Programme (ISSP), and World Values Survey (WVS) sources that is bringing together data for almost 920,000 respondents and spanning 32 countries and a four-decade observation window from 1980 to 2019.2 The decision to compile this database has been informed by the need to test our above predictions on the relationship between macroeconomic
conditions and social cohesion against sufficiently expansive over-time historical data: when
understood as causal statements, all foregoing hypotheses have clear implications for how
changes in prosperity and inequality should be implying specific changes in social cohesion,

2

The countries included in our study are: Austria, Australia, Belgium, Bulgaria, Canada, Czech Republic, Denmark, Estonia, Finland, France, Germany, Greece, Hungary, Iceland, Ireland, Israel, Italy, Latvia, Lithuania, the
Netherlands, Norway, New Zealand, Poland, Portugal, Romania, Russia, Slovenia, Slovak Republic, Spain,
Sweden, United Kingdom, and the United States. Our database contains survey data for all 32 countries from the
early 1990s onwards, but is limited in coverage to a smaller subset of 15 countries of the “old West” in Western
Europe, North America and Australia/Oceania for the 1980s.
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yet almost all of the existing research in the field has been relying on cross-sectional data and
cross-sectional estimators. The challenges of basing causal inferences on observational data
are by now well-known throughout the social sciences, as is the fact that adopting a longitudinal research design may help considerably in terms of safeguarding inferences against some
important sources of omitted variable bias (cf. Winship and Morgan 1999; Halaby 2004;
Gangl 2010; Morgan and Winship 2015). Against that background, we are deliberately adopting a panel (time-series) design in the context of the present paper, and we thereby seek to ensure that all inferences rest on the longitudinal component of over-time historical changes in
prosperity, inequality and trust exclusively. In addition, as we clearly are not seeking to evaluate the impact of any specific intervention in any particular place or time, adopting a comparative design amounts to the deliberate choice to base the analysis on a wide set of historical experiences in affluent Western as well as post-socialist countries in Central and Eastern
Europe (CEE) and to primarily aim at identifying an average, i.e. typical, relationship between macroeconomic environments and levels of social cohesion in the process. We will try
to add additional nuance to these principal analyses below, but we now first describe how
these general principles of research design inform our statistical modeling, and how our available data allows us to operationalize our research questions and hypotheses more concretely.
Statistical modeling
Being drawn from a series of repeated cross-sectional surveys, our harmonized database exhibits a multilevel data structure with a total of 𝑁𝑡𝑘 = 639 representative microdata samples
of respondents being nested in 𝑁𝑘 = 32 countries. The data therefore provide a time-series
cross-sectional (TSCS) setup at the macro level of countries observed at several points in
time and in different original surveys, but are conveniently analyzed in a multilevel modeling
framework in order to respect the fact that the base unit of the dataset and of the analysis is
the level of almost 𝑁𝑖𝑡𝑘 = 920,000 individual survey respondents 𝑖. We principally model
15

our data with a class of hybrid multilevel (hierarchical) regression models with country fixed
effects (FEs) in order to parsimoniously control for any (observed or unobserved) time-invariant country-specific determinants of trust and to identify the longitudinal association between changes in macroeconomic context and changes in social cohesion. In the context of
the present research, we make use of three generic model specifications, namely a pure macro
model, a multilevel (micro-macro) specification, and a mixed specification that allows for
cross-level interactions between macro conditions and respondent characteristics. The baseline specification in our work is the pure macrolevel model
(1)

𝑃𝑟(𝑌𝑖𝑡𝑘 = 1) = 𝛽0 + 𝛽1 𝐼𝑡𝑘 + 𝛽2 𝑃𝑡𝑘 + 𝛽3 (𝐼𝑡𝑘 × 𝑃𝑡𝑘 ) + 𝝉𝑾𝒕𝒌 + 𝑢𝑘 + 𝑣𝑡𝑘 + 𝜀𝑖𝑡𝑘 ,

which predicts respondents’ conditional probability 𝑃𝑟(𝑌𝑖𝑡𝑘 = 1) of expressing trust in their
fellow citizens from the level of economic inequality 𝐼𝑡𝑘 observed in country 𝑘 at time point
𝑡, the level of economic prosperity 𝑃𝑡𝑘 , the “tunnel effect” interaction (𝐼𝑡𝑘 × 𝑃𝑡𝑘 ), and a set of
further macrolevel controls 𝑾𝒕𝒌 . Following our above reasoning in hypotheses 1-3, we expect the regression parameters for the impact of inequality on trust to be negative (i.e. 𝛽1 <
0), positive for the effect of prosperity (𝛽2 > 0), and negative for the tunnel effect interaction
(𝛽3 < 0). To render the model of (1) a genuine panel data estimator at the macro level of
countries, we employ an FE (country dummy) specification for the country-level determinants of trust 𝑢𝑘 , and employ additional normally-distributed random error terms 𝑣𝑡𝑘 and 𝜀𝑖𝑡𝑘
at the levels of country-survey waves and individual survey respondents, respectively. And in
a slight modification of this general model, we are going to use
(2)

𝑃𝑟(𝑌𝑖𝑡𝑘 = 1) = 𝛽0 + 𝛽1.1 𝑀𝐼𝑡𝑘 + 𝛽1.2 𝑅𝑡𝑘 + 𝛽2 𝑃𝑡𝑘 + 𝛽3.1 (𝑀𝐼𝑡𝑘 × 𝑃𝑡𝑘 )
+ 𝛽3.2 (𝑅𝑡𝑘 × 𝑃𝑡𝑘 ) + 𝝉𝑾𝒕𝒌 + 𝑢𝑘 + 𝑣𝑡𝑘 + 𝜀𝑖𝑡𝑘
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as a second macro model specification where we test hypothesis 4 by introducing a differentiation between market inequality 𝑀𝐼𝑡𝑘 on the one hand, and the level of public redistribution
𝑅𝑡𝑘 on the other. Here, we expect the regression parameters for market inequality to be negative (𝛽1.1 < 0), positive for the effect of redistribution (𝛽1.2 > 0), and also positive for the
tunnel effect interaction between prosperity and redistribution (i.e. 𝛽3.2 > 0, as we assume
redistribution to become increasingly relevant with rising prosperity).
In order to evaluate our hypothesis 5 on the private or social nature of macroeconomic
effects on trust it becomes necessary to expand the macro model of equations (1) and (2) to a
full multilevel specification that captures variation at the context as well as at the individual
level. Our generic macro-micro model is of the form
(3)

𝑃𝑟(𝑌𝑖𝑡𝑘 = 1) = 𝛽0 + 𝛽1𝑐 𝐼𝑡𝑘 + 𝛽2𝑐 𝑃𝑡𝑘 + 𝛽3𝑐 (𝐼𝑡𝑘 × 𝑃𝑡𝑘 ) + 𝛽4𝑡𝑘 𝑆𝑖𝑡𝑘 + 𝝉𝑾𝒕𝒌 +
𝜸𝒕𝒌 𝑿𝒊𝒕𝒌 + 𝑢𝑘 + 𝑣𝑡𝑘 + 𝜀𝑖𝑡𝑘 ,

which expands on the earlier macro models by incorporating explicit measures of respondents’ socio-economic success 𝑆𝑖𝑡𝑘 as well as further respondent-level controls 𝑿𝒊𝒕𝒌 . The setup
of the model is principally unchanged from (1) and (2) otherwise, yet we allow for systematic
contextual variation (over time and place) in the effects of individual-level covariates by
modeling 𝛽4𝑡𝑘 and 𝜸𝒕𝒌 as either normally distributed random coefficients or, in some specifications, employing a mix of random level-2 coefficients (i.e. at the country-wave level) and
country-specific fixed effects, especially for the effect of the measure of respondent success
𝑆𝑖𝑡𝑘 , the key information of interest to hypothesis 5.3 Substantively, we expect a positive relationship 𝛽4𝑡𝑘 between individual success and trust, and we at the same time expect that ac-

3

To keep notation simple and focused on conveying essentials, we omit writing out the full higher-level error
terms in equation (3). The respective additions follow in a straightforward fashion from the standard assumptions of diagonal (i.e. zero covariance terms in) variance-covariance matrices to render estimation feasible.
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counting for the private transmission channel between economic conditions and social cohesion will render the effects of aggregate economic conditions 𝐼𝑡𝑘 and 𝑃𝑡𝑘 systematically more
negative than in the macro level specification of (1) and (2), i.e. we expect 𝛽1𝑐 < 𝛽1, 𝛽2𝑐 < 𝛽2
and 𝛽3𝑐 < 𝛽3 to hold when comparing the estimates from specification (3) to those of (1) and
(2). Importantly, as the macro-micro model of (3) is fixing (i.e. conditioning the analysis on)
individual socio-economic success 𝑆𝑖𝑡𝑘 , the resulting parameter estimates 𝛽1𝑐 , 𝛽2𝑐 and 𝛽3𝑐 now
refer to the contextual effect of inequality and prosperity on trust, respectively, and the counterfactual that is being addressed has therefore shifted from expressing the total effect of macroeconomic conditions to that part that may be considered having social (or contextual) roots
and hence affecting all citizens irrespective of their personal socio-economic standing.
With yet one further expansion, the regression specification
(4)

∗
𝑃𝑟(𝑌𝑖𝑡𝑘 = 1) = 𝛽0 + 𝛽1𝑐 𝐼𝑡𝑘 + 𝛽2𝑐 𝑃𝑡𝑘 + 𝛽3𝑐 (𝐼𝑡𝑘 × 𝑃𝑡𝑘 ) + 𝛽4𝑡𝑘
𝑆𝑖𝑡𝑘 +

𝛽5.1 (𝐼𝑡𝑘 × 𝑆𝑖𝑡𝑘 ) + 𝛽5.2 (𝑃𝑡𝑘 × 𝑆𝑖𝑡𝑘 ) + 𝝉𝑾𝒕𝒌 + 𝜸𝒕𝒌 𝑿𝒊𝒕𝒌 + 𝑢𝑘 + 𝑣𝑡𝑘 + 𝜀𝑖𝑡𝑘 ,
defines our final empirical contribution from a macro-micro model with further cross-level
interaction terms between individual socio-economic success 𝑆𝑖𝑡𝑘 and the macroeconomic
context (captured by 𝐼𝑡𝑘 and 𝑃𝑡𝑘 , respectively). We did not posit a specific expectation on the
cross-level interaction terms 𝛽5.1 and 𝛽5.2 above, but we believe that the expanded specification might hold significant explorative interest in the context of our present work, as the direction and magnitude of 𝛽5.1 and 𝛽5.2 will be informative about whether and in which direction changes in the overall income distribution may have contributed to (or helped close) the
trust wedge between successful and less privileged members of society. Due to their straightforward substantive interpretation as well as due to the straightforward comparison of parameter estimates across alternative specifications, we pragmatically employ and present estimates from hierarchical linear probability models (LPM) throughout the paper (and see e.g.
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Mood 2010; Wooldridge 2010 for a background discussion of the underlying issues). Despite
the dichotomous nature of our dependent variable, the empirical differences between our preferred LPM estimates and those of a corresponding logit model are substantively trivial.
Data and operationalizations
As mentioned before, we use harmonized survey microdata compiled from the original Eurobarometer (EB, European Commission 1974-2021), European Social Survey (ESS, European
Social Survey 2018-2021), European Values Study (EVS, European Values Study 19812017), General Social Survey (GSS, Smith et al. 2019), International Social Survey Programme (ISSP, International Social Survey Programme 1985-2019), and World Values Survey (WVS, Inglehart et al. 2014) scientific-use data files to estimate these models empirically, and we enrich our survey microdata with information on macroeconomic conditions
obtained from the Standardized World Income Inequality Database (SWIID, Solt 2020) and
the World Bank’s World Development Indicators (WDI, World Bank 2021) database. In total, our data compilation efforts permit us to rely on data for almost 920,000 adult respondents with valid information and spanning 32 countries and a four-decade observation window
from 1980 to 2019 in our main analyses.4
The key piece of information to our study is the well-known generalized trust question
“Generally speaking, would you say that most people can be trusted or that you can’t be too
careful in dealing with people?”, which is either a standard part of the questionnaire in most
of the above-mentioned survey series or is at least asked occasionally in selected waves of the
survey programs, as in the EB and ISSP series. As the different surveys employ slightly different variants of the question, we have harmonized the raw data to yield a dichotomized
measure of social trust as the dependent variable in our subsequent analysis. In this process,

For the reader’s benefit, we seek to restrict the main text to conveying the essentials of our approach to data
harmonization, coding decisions, and the resulting database in the following. A fuller description of our data
sources is provided in Appendix A1 below.
4
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we have coded all information down to reflect the binary contrast between the response categories “most people can be trusted” and “one cannot be too careful” that are characteristic of
the EVS/WVS survey series. By assigning intermediate response categories of “it depends”
(as in the standard GSS version) to the category of non-trusters, and by adopting a strict cutoff of 7 on the 0-10 scale employed in the ESS, we seek to arrive at a clear measure of positive expressions of trust, and to then predict the probability 𝑃𝑟(𝑌𝑖𝑡𝑘 = 1) that respondents are
stating such positive trust in their fellow citizens conditional on covariates. To alleviate any
concerns about either the robustness of results to our specific data harmonization procedures
or any other technical differences between the survey series, we furthermore fit all models
with survey and question-type fixed effects in order to separate between data signals of substantive interest and those stemming from residual technical influences (and again see Appendix A1 for further details).
Our key independent variables are those that describe macroeconomic conditions, i.e.
notably the location and shape of the income distribution. We specifically use the real (i.e. inflation-adjusted) GDP/capita data in US dollars from the WDI database, and the Gini coefficients for household market (i.e. pre-tax pre-transfer) and household disposable (post-tax
post-transfer) incomes from the SWIID database, and merge these aggregate data to the survey microdata. We lag all aggregate data by one year, and express GDP/capita in the log to
base 2, so that a one-unit change in the covariate corresponds to a doubling of real GDP/capita over time. We define the level of public redistribution as the difference between the Gini
coefficient of household market incomes and the Gini coefficient of household disposable incomes, and we furthermore make use of the WDI series of standardized unemployment rates
in a supplementary analysis to check the robustness of our main results versus potential cyclical effects on social trust (see Appendix A2 and below). As a second, and conceptually very
conservative sensitivity analysis we also present estimates for a two-way FE specification to
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gauge the robustness of our primary inferences against the presence of some unspecified general trends that may be common to all countries and that may be confounding the estimated
relationship between changes in the income distribution and changes in social trust (see Appendix A3 and below).5
In line with our multilevel approach, we supplement these various macro covariates
with a set of socio-economic and demographic covariates at the respondent level. Most importantly, we use respondents’ level of education as our primary measure of personal socioeconomic success 𝑆𝑖𝑡𝑘 in our main analysis. As respondents’ education is reflecting human
capital, i.e. earnings potential rather than actual economic success, we complement respondents’ level of education with a measure of respondents’ social class in supplementary analyses restricted to working-age respondents. As the minimally consistent set of information
available across all surveys, these covariates have been harmonized to five levels of education and to 11 class locations that approximate the standard EGP class scheme. Besides these
two measures of personal socio-economic achievement, we also control for respondents’ gender, birth cohort and age in all equation (4)-type multilevel regression specifications.6 In restricting ourselves to a set of most basic socio-demographic controls, we, in view of the task
to identify the effects of macroeconomic changes over suitably long observation windows,
deliberately privilege the goal of avoiding loss of (historical) data points over the goal of

5

The inferentially conservative nature of the two-way FE specification has a methodological as well as a substantive dimension. By conditioning on time-invariant country-specific factors as well as on unspecified but
common temporal dynamics, identification relies on country-specific deviations from the common trend in the
sample countries, which is methodologically principled but placing high demands on the data and, by implication, on the empirically observable historical record which is required to comprise substantively meaningful
country-specific deviations from any general macroeconomic trend. On the substantive side, the two-way FE
specification is conservative because netting out the common trend across countries is equivalent to maintaining
the assumption that there has been some unspecified general historical force to affect trust in a common way
across all countries in that sample, coupled with the parallel insistence that this historical force must not have
been the change in either the location or the shape of the income distribution.
6
Our multilevel specifications (i.e. the regressions built on equations 4 and 5) are therefore effectively equivalent to an age-period-cohort (APC) model of changes in social trust (see related work by Robinson and Jackson
2001, Schwadel and Stout 2012, Clark and Eisenstein 2013). Our substantive interest in the present paper is of
course with the period effects of changes in the income distribution, which in fact aligns well with earlier APC
decompositions finding period effects to dominate age and cohort components in the study of social trust.
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adopting a substantively more complete specification of structural explanations of trust in the
present analyses. The most glaring omission in that respect is that we systematically fail to
cover social divisions of race and ethnicity. Addressing issues of race and ethnicity or the majority/minority status associated with it would be difficult to do well in a cross-nationally
comparative study in principle, given that the nature of “relevant” groups as well as their majority/minority status are varying over time and place, and that the required data on racial and
ethnic identity data is not consistently available in all survey waves included in the database
we use here, and also that even where available, data quality on racial and ethnic origins or
self-identification is undoubtedly increasing over time in many countries and survey series.
As a partial remedy to this omission, we provide readers with the results of a further robustness check that uses the HIEF index of ethnic fractionalization (see Drazanova 2020) as an
additional control at the macro level, and that documents empirically that our main inferences
are unlikely to be critically affected by our inability to account for racial and ethnic heterogeneity in a fully satisfactory way in our present work (see Appendix A4 and below for details).

Empirical results
When finally turning to the empirical data, it seems useful to begin the analysis by highlighting the empirical puzzle that has been an important motivation for our present research. Figure 1 provides the descriptive essentials, namely the bivariate associations between economic
inequality and levels of social trust as they present themselves in the harmonized cross-nationally comparative survey database that we have compiled. At the aggregate level of N=639
country-survey waves fielded between 1980 and 2019 in the 32 countries in our sample, the
cross-sectional association depicted on the left-hand side of Figure 1 is the Spirit-Level one:
there is a crystal-clear negative association between economic inequality as measured by the
Gini coefficient for household disposable incomes and the proportion of respondents express-
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ing trust in their fellow citizens. The association is moreover almost linear across the observed range of economic inequality in the sample of countries and historical points in time,
and it is a substantively strong relationship to begin with. A simple linear regression fit of the
data yields a parameter estimate of 𝛽 = −1.5, so that a one-percentage point increase in the
Gini coefficient implies a drop of about one and a half percentage points in the proportion of
trusting respondents. In case this might sound small, recall that the empirical record in the
United States has been a rise in the Gini coefficient by about 8 percentage points, and a contemporaneous decline in the proportion of socially trusting respondents by about 15 percentage points over the four-decade observation window under study here. Hence, if the SpiritLevel association between inequality and trust in the cross-sectional data was to be read as
causal, then the factual rise in economic inequality seen in the U.S. since the early 1980s
would be entirely sufficient to explain declining social cohesion over the period. Rising inequality would be the only relevant narrative in town.

FIGURE 1 ABOUT HERE

Unfortunately, the plain descriptives of Figure 1 do hold a second result. Panel b on
the right-hand side of the figure depicts the same set of N=639 country-survey wave observations in the aggregate, yet this time focuses on the longitudinal association between changes
in inequality and changes in levels of trust as it presents itself in the data. And after applying
the respective within-transformation to purge the data from country differences in levels of
trust and inequality, there evidently is no association left between economic inequality and
social trust at all. The lowess curve is entirely flat, the linear regression fit is even minimally
positive, and so adopting a longitudinal perspective seems bound to conclude that there is no
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role for the historical increase in economic inequality in explaining the decline of social cohesion since the 1980s in the U.S. and elsewhere at all. On the plain historical account, it then
rather seems that rising inequality might be an entirely irrelevant narrative in town.
Yet as discussed above, the bivariate association is unlikely to reflect the structural relationship between inequality and social trust either in the cross-section or in the longitudinal
dimension. The methodological deficits of the cross-sectional association with regard to omitted variable bias are widely known, yet the longitudinal association is unlikely to be sufficient either, despite the implicit control for time-invariant country-specific determinants of
trust. As the empirical correlation between changes in inequality and prosperity has been positive over the past four decades, the longitudinal association between inequality and trust is
likely biased downward due to the unmeasured suppressor effect of contemporaneous increases in prosperity, and regression modeling is required to provide a more suitable approximation and identification of any respective effects of macroeconomic fundamentals.

TABLE 1 ABOUT HERE

The required regression evidence is given in Table 1, where we report our estimates
for our preferred series of model specifications along the lines of equations (1), (3) and (4)
discussed before. We present our main results as a sequence of three macro-level regression
models (a-c) where we expand the macro model from the simple bivariate association to including measures of prosperity and inequality simultaneously, and to then also incorporate
the “tunnel effect” interaction we have been hypothesizing with Hirschman and Rothschild
(1973). In model (d) we move from the pure macro to the multilevel model specification that
adds respondent-level covariates, i.e. personal economic success as well as further socio-de-
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mographic controls to the regression, and model (e) is the final, and more explorative specification that also includes a cross-level interaction term between respondents’ personal economic location and the macroeconomic fundamentals of the income distribution. And as all
models incorporate country fixed effects (and other technical covariates), it is important to
emphasize that all parameter estimates reported here and further below rely on the longitudinal component of the data exclusively, i.e. on changes in inequality, prosperity and trust, as
the estimates have been purged of the effects of any time-invariant country characteristic,
whether observable or unobservable.
Based on this far-reaching safeguard against omitted variable bias, our analyses contribute a range of findings and observations to the debate on the role of rising inequality specifically, and on the macroeconomic roots of social cohesion more generally. On the aggregate level, we observe that, as expected, the zero bivariate association between inequality
change and changes in levels of trust (specification a) is an inadequate estimate of the effect
of rising inequality on trust, given the positive correlation between rising inequality and rising prosperity and the suppressor effect generated by the latter. Once we allow for simultaneous effects of changes in the location and shape of the income distribution (specification b),
we in fact observe the opposing effects of rising levels of inequality and rising levels of prosperity on trust that we have been hypothesizing before (see H1 and H2, respectively). According to our estimates, a doubling of real GDP/capita implies an increase in the proportion
of trusting citizens of some 7 percentage points (i.e. 𝛽2 = +0.071), and a one-percentage
point increase in the Gini coefficient depresses the share of trusting citizens by about half a
percentage point (𝛽1 = −0.005) on average. As a result, there is a clear trade-off between
both dimensions of the income distribution: inclusive growth, i.e. a pattern of socially widespread economic progress that, like seen between the 1950s and the mid-1970s, combines rising prosperity and falling inequality, is eminently conducive to social trust, yet even under
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the regime of unequal growth that has empirically characterized the four decades since 1980,
the strongly positive effect of rising prosperity empirically dominates the more moderate negative effect of rising inequality. Disregarding the inevitable uncertainty in the estimates, our
results suggest that a doubling of real GDP/capita is empirically outweighing a simultaneous
rise in the Gini coefficient in the order of some 10 percentage points. Yet as Figure 2 clarifies, while the former has been the typical experience in many if not most countries in our
sample over the observation period, the rise in inequality has virtually nowhere been as large
as to undermine the positive role of macroeconomic changes for social cohesion. In fact, on
this account, Russia is the only country case where macroeconomic developments have empirically been sufficiently dismal – i.e. inequality rising sharply by more than 7 percentage
points on the Gini coefficient, but GDP/capita growing by some 30% only since the early
1990s – to clearly depress social cohesion in the aggregate.

FIGURE 2 ABOUT HERE

This inequality-prosperity trade-off becomes slightly less positive when taking account of the interaction between prosperity and inequality. As we obtain evidence of a certain
“tunnel effect” (𝛽3 = −0.002 in specification c, corresponding to our hypothesis H3),7 the
resulting root function that describes the combinations of inequality-prosperity changes that
imply a zero net effect on trust shifts to the right in Figure 2, and indicates that a number of
other countries than merely the Russian Federation – notably the U.S. since the 1980s, but
also Bulgaria, Romania, Canada, Finland and Italy since the 1990s – have seen changes in the

7

As the substantive effect is non-trivial and given that, at p=.12, the coefficient is just short of reaching a significance level of p<.10 on a two-sided hypothesis test (corresponding to p<.05 on a one-sided test), we provide a
substantive interpretation of this parameter estimate. We will be able to pinpoint the conditions more precisely
under which the tunnel effect emerges in some of our subsequent regression specifications, and may therefore
leave it up to the reader’s discretion whether she or he may be willing to follow our tentative reading of the evidence also in this first set of estimates or not.
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income distribution that might plausibly have threatened social cohesion. The inequalityprosperity trade-off looks even far less favorable in either the regression estimates of Table 1
or their visualization in Figure 2 when moving to a multilevel model that accounts for the effects of respondent characteristics as well as macroeconomic conditions, i.e. when taking the
step from specification c to specification d in Table 1.8
At this point, the coefficient estimates for the effects of all three macroeconomic parameters become markedly more negative, and the resulting root function much flatter in Figure 2. Relative to the macro model c, the effect of GDP/capita on trust has been cut in half (at
𝛽2𝑐 = +0.037), the effect of inequality has become decidedly more negative (at 𝛽1𝑐 =
−0.009), and the tunnel effect interaction has doubled in magnitude (to 𝛽3𝑐 = −0.005). Substantively, the estimates from specification d thus imply a much more benign role of rising
prosperity, and indeed push many countries into the zone of economically-driven declines in
social cohesion in Figure 2. For the 15 countries in the “old West” where survey data is available since the 1980s, ten are located on the side of macroeconomic changes having implied
declines in trust, and only France, Ireland, Greece and Portugal are clearly located on the side
of increases in trust. Likewise, the majority of the full sample of 32 countries is found on the
side of negative predictions or at least lying close to the root function when considering the
implications of the macroeconomic changes seen since the early 1990s for social cohesion.
Yet importantly, these significant changes in the apparent role of macroeconomic conditions do not reflect omitted variable bias or issues of confounding, but instead stem from a

8

We furthermore provide readers with supplementary evidence to document that these patterns are robust to the
inclusion of the unemployment rate as a measure of the business cycle and periods of macroeconomic crises (see
Appendix A2), to the incorporation of unspecified common time trends in a two-way FE specification (see Appendix A3, which, if anything, strengthens the case for a dominant role of positive effects of increasing prosperity even further), and to the inclusion of the HIEF index of ethnic fractionalization as an additional covariate for
a slightly shorter 1980-2014 observation window (see Appendix A4). We also return to a discussion of these
sensitivity analyses as well as the broader issue of causality in the concluding section of this paper.
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conceptual shift in the nature of the counterfactual in question, and thus speak to the mechanisms that generate the association between changes in the income distribution and changes
in the level of social trust. Specifically, as the multilevel specification d conditions on respondents’ socio-economic and socio-demographic characteristics, the resulting coefficient
estimates for all of the macroeconomic covariates no longer address their total effects in the
aggregate, but instead refer to that part of the total effect that is specifically social (or contextual) in nature. In other words, as specification d fixes respondents’ socio-economic location,
i.e. is controlling for citizens’ personal socio-economic success 𝑆𝑖𝑡𝑘 , the residual coefficient
estimate refers to the purely contextual effect that applies net of individual socio-economic
location. And given significant differences in estimates from specifications c and d, these results rather underscore the importance of private socio-economic success as a source of respondents’ sense of trust on the one hand, and of distinguishing between a private and a social channel of trust generation more generally.
Indeed, while also controlling for gender, age and birth cohort, the main factor that is
driving the difference in the parameter estimates for the effects of macroeconomic conditions
in specifications c and d is respondents’ level of education, which is taken as a measure of
economic success in the present context. And although based on a relatively crude 5-level
measure that may be consistently construed from the harmonized survey data, the effect of
citizens’ level of education is strongly positive at 𝛽4 = +0.075 on average, i.e. with the probability of stating trust in fellow citizens increasing by more than 7 percentage points per each
level of education from primary to tertiary education. And this simple fact is sufficient to cut
the positive effect of GDP/capita in half, so that half of the positive effect of rising prosperity
on trust is ultimately due to simple compositional effects, i.e. to the private channel of personal socio-economic success and to the fact that rising GDP/capita implies a rising share of
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successful individuals in the population (i.e. highly educated citizens more specifically in the
context of the concrete analysis of Table 1).
Conditioning the analysis on personal success also brings out the negative effects of
inequality and the tunnel effect interaction between inequality and prosperity more clearly
than before, because accounting for the rising share of (in absolute terms) successful citizens
at the same time unmasks the fact that rising economic distance in society is indeed corrosive
to social trust between citizens of given socio-economic location. The contextual effects that
are apparent in model d and the respective root function in Figure 2 thus describe the role of
macroeconomic conditions as they are likely to be experienced by any given observer,
whether lay person or professional social scientist. When own social locations are fixed, rising inequality appears as the much more pressing issue as far as social cohesion is concerned,
but that (observer-level) effect and perception is concealing the fact that part of the positive
effects of rising prosperity are internalized through the channel of private success and the differences in conditions in life that are associated with it. And as one indication that the stratification of social cohesion may be systematically linked to changes in the income distribution,
the results from the final cross-level model specification e suggest that the private channel of
trust generation (i.e. the private trust benefits of high educational attainment) has empirically
rather grown in importance with rising GDP/capita. More prosperous environments, but interestingly not more unequal contexts, thus appear to create some additional complementarity
between contextual wealth and personal socio-economic standing, which increases the trust
wedge between the privileged and the less fortunate members of society even further.9

9

An alternative way of describing our findings would be to state that the contextual effect of prosperity (but not
of inequality) is larger among more highly educated respondents, and that a relatively more benign inequalityprosperity trade-off results among them in consequence. Both verbalizations are formally equivalent and seek to
express that highly educated citizens tend to become particularly trusting in prosperous environments, and that
the educational stratification of trust is thus increasing with prosperity.
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Trust as a private benefit of prosperity: Is it potential or actual success that is relevant?
This summary of our main results naturally begs the question whether and to which extent
our findings may be sensitive to particular choices inherent in our statistical and analytical
setup. One almost self-evident issue in this regard is our decision to use respondents’ level of
education as our sole measure of personal socio-economic standing 𝑆𝑖𝑡𝑘 . In part, our respective choice has been driven by the pragmatic consideration of keeping the country and observation period sample as encompassing as possible by adopting a maximally parsimonious
model specification for the analysis. On a more conceptual level, however, there is the underlying issue of, when personal success proves conducive to trusting others, whether education
actually is the preferable measure in that regard or whether it may be conceptually more appropriate to rely on one or several measures of respondents’ actual socio-economic success,
as indexed by occupational attainment, class position or income for example.

TABLE 2 ABOUT HERE

To test the sensitivity of our main findings in this regard, Table 2 reports the evidence
from a series of further regression models that incorporate information on respondents’ current class position in addition to or in lieu of using level of education as the measure of respondents’ socio-economic success 𝑆𝑖𝑡𝑘 . As the information on class location is likely to be
less reliable (and also less reliably available) for senior respondents, we restrict these supplementary analyses to working-age citizens aged 18-64 throughout. Then, Table 2 provides
three sets of estimates from this sample, with the first set continuing to use education as the
measure of 𝑆𝑖𝑡𝑘 and thus replicating the main analysis for working-age respondents, the second set substituting class location for level of education as the measure of 𝑆𝑖𝑡𝑘 , and the final
set using class and education simultaneously. Overall, these supplementary estimates closely
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replicate our main results for the subsample of working-age citizens, and in fact underscore a
substantive rationale for the use of education in the main analysis.
More specifically, the estimates of Table 2 provide evidence that both education and
class affect social trust, yet also suggest that education is the dominant factor of the two. Education and class undoubtedly have positive effects on trust (and are thus both elements of
𝑆𝑖𝑡𝑘 ), but the impact range as well as the role for explaining the aggregate relationship between prosperity and trust (via respective compositional effects) is larger for education. In the
single-measure models (the first and second set of regressions in Table 2), the trust differential predicted across the 5 levels of education is in the order of 32 percentage points, but only
around 24 percentage points for the 11-category class measure. Likewise, increasing levels of
education (and the associated positive effect of education on trust) account for clearly more
than half of the total effect of GDP/capita on trust (with 𝛽2𝑐 = +0.035 and 𝛽2 = +0.073), but
for less than 40% in case of class. And when incorporating both factors simultaneously, it is
the direct effect of education that is largely holding up, whereas the effect of class is almost
cut in half and also not contributing much explanatory power as a mediator for the effect of
rising prosperity at the margin relative to the education-only model.10 As a result, it seems
fair to conclude that potential success, i.e. human capital, earnings capacity, and the sense of
autonomy that comes with education, is more important as an individual-level mechanism of
trust than actual socio-economic success, at least as measured by class position.
Sources of inequality matter: markets versus public redistribution

10

To provide readers with a sense of loss of data implied in moving from the parsimonious education-only
model of our main analysis to a class-based alternative, we present each set of supplementary models with the
maximum number of full-information cases. We have also estimated all specifications based on the fully consistent sample of N=613,377 respondents used in the final education and class specification, yet as the differences in estimates are trivial (and amounting to nothing else than an occasional deviation on the third digit), it
seems fully justified to undertake the direct comparison across sets of regression results despite varying sample
sizes.
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TABLE 3 ABOUT HERE

Besides the question about individual-level relationships between economic success and trust,
we had also expanded on Hirschman and Rothschild’s (1973) original work by hypothesizing
that the tunnel effect interaction should be a matter of public redistribution becoming more
essential to sustain high level of cohesion as societies are growing more prosperous (see hypothesis 4 above). We had, in other words, presumed that it would be necessary to distinguish
between pure market inequality on the one hand, and the extent of public redistribution on the
other in order to fully capture the dynamics between rising inequality and cohesion, yet we
have again not implemented the differentiation in our main analysis for the sake of model
parsimony. To remedy the situation and to provide an empirical test of our hypothesis, we
now replicate our main analysis by substituting the standard Gini coefficient with its marketbased alternative and with the difference between the Gini coefficient for household disposable incomes and the Gini coefficient for household market incomes as the measure of public
redistribution. And the empirical evidence is easily summarized: as the estimates provided in
Table 3 aptly demonstrate, distinguishing the two sources of economic inequality matters.
There is the expected opposition in the direction of effects, with rising market inequality lowering social trust, while increasing public redistribution efforts are effective in maintaining
trust and cohesion. The tunnel effect specifically emerges as an interaction between public
redistribution and prosperity (with 𝛽3.2 = +0.009 in specification c), so that increasing public redistribution efforts become particularly required, and lack of (or even declining) redistribution efforts particularly damaging to cohesion as societies are becoming more prosperous.
How general are these patterns? Evidence on historical and regional heterogeneity
With a database as broad as the one we have been relying on, it also seems paramount to
acknowledge that all of the foregoing evidence is referring to the relationships between the
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income distribution, respondents’ personal success and trust in fellow citizens as averaged
across four decades of data and a set of 32 countries with quite distinct historical experiences
and institutional environments. It is reasonable to presume that a certain degree of variability
will exist in the patterns that we have been describing so far, and so we add a set of more explorative analyses as the final piece of evidence in the present context. To better assess the
potential generality of the relationships that we have been discussing so far, but also to potentially situate the evidence on average patterns against further systematic variation in the data,
we more specifically explore heterogeneity in our results by time period as well as regional
and socio-historical context. To that end, we first provide readers with the evidence from estimating our main models for several shorter observation periods in Table 4, and then, not the
least also in view of the evidence from Table 4, explore differences between the “old West”
and the experiences of the Central and Eastern European (CEE) countries after their transition
from socialism in Table 5.

TABLES 4 AND 5 ABOUT HERE

And in fact, both sets of results indicate some quite relevant variation over time and
over regional and socio-historical contexts. As far as the historical dimension is concerned,
the evidence from Table 4 actually suggests that the results discussed in the main part of our
analysis may to some extent reflect the past rather than the current or even future relationships between macroeconomic conditions and social trust. Across the three observation periods distinguished in Table 4, it is very clear that the effect of inequality diminishes over time,
as is the tunnel effect interaction between inequality and prosperity, whereas the positive effects of GDP/capita and of respondents’ personal socio-economic success are systematically
increasing over time. The link between inequality and cohesion hence used to be strong
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mainly in the earlier years of our observation window, but over time maintaining social cohesion has increasingly become a matter of rising prosperity and of the increasingly advantageous individual socio-economic circumstances that are coming with rising societal prosperity. As the plain historical comparison is necessarily complicated by the fact that different observation windows may partly reflect systematic differences in country samples, we have also
explored the contrast between the “old West” and the post-socialist CEE countries in Table 5.
Here, we see evidence of systematic differences, but also of genuine changes over
time in the “old West” of Western, Northern and Southern Europe and its Anglo-Saxon offshoots. More specifically, the role of inequality for social cohesion also declines over time
when examining the “old West” only, and the private channel of personal socio-economic
standing is becoming somewhat more important in the more recent observation window. The
CEE countries, on the other hand and in line with earlier findings in e.g. Rothstein and
Uslaner (2005) and Bjørnskov (2007), do differ systematically and in a number of ways from
the countries of the “old West.” In the CEE countries, rising GDP/capita is less decisive for
cohesion, but the tunnel effect is entirely absent, suggesting that rising prosperity has not implied increasing demands for public redistribution. Also, respondents’ personal socio-economic success is much less important for social trust than in the “old West”, and its associated compositional effect is also explaining a much smaller fraction of the overall association
between prosperity and cohesion. Social trust is therefore resting on more collective sources
in CEE countries, yet the (educational) stratification of trust is also clearly increasing as these
societies are becoming more prosperous. In the context of our present work, we believe that it
is helpful to point out these sources of evident contextual variation that exist in our data in order to clarify the nature of our more general inferences from our main analysis. We hope that
further research will take up these explorative observations, and will examine potential
sources of socio-historical variability more systematically than we are able to do here.
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Discussion and conclusions
With the present research, we intend to contribute a set of new benchmark estimates to the
study of the interrelationship between the income distribution and levels of social cohesion.
There has been a remarkable renewal of academic and popular concern about socially corrosive effects of rising inequality in the wake of significant empirical increases in economic inequality in many countries, widely-known popular treatises on the subject like those of
Wilkinson and Pickett (2009), and a voluminous academic literature on the subject that identifies economic inequality as one of the main, if not the single most important predictor of social cohesion and trust (e.g., Knack and Keefer 1997; Zak and Knack 2001; Alesina and La
Ferrara 2002; Uslaner 2002; Uslaner and Brown 2005; Delhey and Newton 2005; Bjørnskov
2007; Bjørnskov 2008; Bergh and Bjørnskov 2014; Barone and Mocetti 2016). Nevertheless,
a reexamination of the macroeconomic roots of social cohesion seems in order as the overwhelming majority of supportive evidence is based on cross-sectional analyses, as the conceptual and methodological difficulties of inferring causality from cross-sectional data
sources have long been known (e.g., Winship and Morgan 1999; Halaby 2004; Gangl 2010;
Morgan and Winship 2015), and as several recent studies have called the existence of a negative Spirit-Level relationship between inequality and cohesion into question when examining
it from longitudinal designs (see Fairbrother and Martin 2013; Olivera 2015; Delhey and
Steckermeier 2020 in particular). In response to this empirical challenge, we have sought to
assemble an encompassing survey database spanning a four-decade observation window and
32 countries, to use adequate panel data modeling techniques to base our substantive inferences on over-time changes, i.e. on longitudinal sources of variation in macroeconomic conditions and trust, and to add a micro-macro perspective to what has been a mostly macrosociological literature so far by distinguishing explicitly between private and social channels as
mechanisms to relate changes in the income distribution to changing levels of cohesion.
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From our own estimates, we do conclude that rising economic inequality has implied
lower levels of trust in the 32 affluent countries under study, but we also note that properly
isolating this effect requires that researchers account for the role of simultaneous increases in
economic prosperity, and that the negative effect of inequality on trust is likely to be considerably smaller, possibly just around one third, relative to what standard cross-sectional estimates have been suggesting so far. We obtain equally clear evidence that rising prosperity
has been increasing social cohesion, and that this positive effect of rising prosperity has empirically been outweighing the adverse effects of rising inequality in the aggregate, i.e. that
the upward shift in the mean has been more important than the rising dispersion in the income
distribution as a driver of cohesion in almost all countries in our sample. However, we also
obtain evidence of a tunnel effect, a declining tolerance of economic inequality at higher levels of prosperity as hypothesized by Hirschman and Rothschild (1973), so that inclusive
growth and public redistribution become increasingly important for sustaining, and lack of
public redistribution efforts particularly damaging to social cohesion in affluent societies.
At the same time, we do not wish to claim reporting on some form of social universals
from our data. As our comparison between post-socialist CEE countries and those of the “old
West” in Western, Northern and Southern Europe as well as the Anglo-Saxon offshoots overseas should have illustrated, there evidently are systematic differences in terms of how
changes in the income distribution are affecting social cohesion between countries with very
different historical experiences and socio-political trajectories. With respect to the specific
contrast, it should be of obvious interest to more systematically examine whether the more
collective, more prosperity-centered, and less politicized patterns of cohesion that we observe
in the CEE countries primarily result from their lower levels of GDP/capita relative to the
“old West” or from a generally suppressed sense of social trust after decades of socialist governance. Likewise, our exploration of variation across observation windows is suggesting a
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certain historicity in our estimates, and potentially a pattern of diminishing concern for economic inequality over time. It remains to be seen from further research whether this finding
might be due to less marked changes in inequality in later periods or more a matter of the particular countries that have been experiencing significant increases of inequality already by the
1980s or early 1990s, but it is clear that our respective findings align well with those of some
recent studies that have used post-2000 survey data and reported no evidence for any inequality-trust relationship (e.g., Steijn and Lancee 2011; Olivera 2015), while the positive effects
of GDP/capita for cohesion have been keeping up or even increasing in importance in more
recent decades.
This potential historicity and context-sensitivity in our estimates notwithstanding, we
also hold that our estimates should provide a useful benchmark to further studies as well as a
defensible approximation of the effect of changes in the income distribution on social trust. It
should be self-evident that changes in the income distribution do not represent any sharplyidentified intervention (or a corresponding do-operation in the sense of Pearl 2009), but instead reflect the aggregate outcome of all economic acts in the everyday life of the millions of
citizens that make up the societies we study. In that sense, we conceive of the income distribution as a proximate cause of cohesion whose own root causes might be identified by moving further back in the causal chain (as we e.g. did ourselves in the robustness check of Appendix A2 when incorporating a measure of the business cycle into our analyses), but which
also serves as a useful summary measure of societies’ macroeconomic environment, not the
least when seeking to identify social consequences of changing economic conditions. By controlling for country fixed effects and thus adopting a longitudinal design to estimate the association between changes in the income distribution and changes in social cohesion, we have
been offering estimates that are isolated against omitted variable bias stemming from any and
all time-invariant country characteristics, whether observed and regularly accounted for in
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other studies in the field or reflecting some hard-to-capture feature of a national culture or
community that would usually go unaccounted for.
We believe the resulting estimates to be useful benchmarks if not even slightly conservative ones, despite the fact that we have been choosing to work with rather parsimonious
model specifications and a deliberately selected set of minimally required covariates in the
present paper. Some readers might for example find it preferable to try and include measures
of ethnic and racial diversity in the analysis, as societies have not just become more wealthy
and more unequal over the past four decades but, due to increasing immigration, also less homogeneous in racial or ethnic terms. Yet even as we lack a fully convincing measure of ethnic diversity to cover all countries over the full observation window of our present study, it is
possible to use standard methodological principles to gauge the potential impact of this particular, or indeed any similar omitted variable on the inferences we are drawing here. In a
nutshell, as increasing ethnic diversity is known to decrease social cohesion (e.g., Alesina and
La Ferrara 2002; Delhey and Newton 2005; Putnam 2007; Dinesen and Sønderskov 2018; but
see Abascal and Baldassarri 2015 for a critical discussion), and as increasing diversity is positively correlated with rising GDP/capita as well as rising economic inequality over time, it
follows that ethnic diversity will act as a confounder on the relationship between inequality
and trust, and as a suppressor on the relationship between prosperity and trust. The estimates
that we report in our present study therefore are best considered conservative in the sense of
bounding the true effects of the income distribution on trust from below. With diversity being
seen as an omitted confounder, the effect of inequality that we report is the lower-bound
(most negative) estimate for the inequality effect, and the effect will become smaller in importance (i.e. more positive) the higher the correlation between rising inequality and rising
ethnic diversity, and the more important ethnic diversity for social cohesion. And in exact reversal of the argument, as diversity will be an omitted suppressor with respect to the effect of
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prosperity, our estimate for the effect of rising GDP/capita is a lower-bound (most negative)
benchmark for the true effect of prosperity on cohesion, and the respective parameter estimate will only increase in magnitude when controls for ethnic diversity (or related secular
trends) are added to the regression model. Empirically, our robustness checks using the HIEF
index of ethnic fractionalization for a 1980-2014 subsample from our database as well as our
additional sensitivity analyses based on a strictly conservative two-way FE model specification are clearly bearing out this general reasoning (see Appendices A3 and A4 for details).
When thus taking our estimates as benchmarking the macrolevel relationships between changes in the income distribution and changes in the level of social trust, we contribute a further key piece of evidence to help understand the connection between economic conditions and social cohesion. Specifically, when separating out a private and a social channel
of influence, we find that the negative effect of rising inequality to be primarily contextual –
that is, just as Wilkinson and Pickett (2009) were having it in their subtitle, “equality is better
for everyone.” Yet for rising prosperity, we find that respective benefits to a large extent accrue as private trust gains among successful citizens, so that the contextual effects of prosperity appear decidedly more negative than their total effects and also that rising prosperity tends
to propel an increasing individualization of social trust. In part, this follows naturally from an
experiential basis of trust, given that trust can be seen as an other-regarding reflection of
quality of life, yet this also implies that any lay or professional social observer is bound to underestimate the positive role of rising prosperity for cohesion, given that the contextual effect
is all that is accessible to even the best personal observation. As our results furthermore provide evidence for an increasing trust wedge between privileged and less fortunate members of
society in the wake of rising prosperity (but not with rising inequality), it is clear that both the
stratification of trust and the discrepancy between the aggregate and the contextual effect of
prosperity are, if anything, growing in affluent societies. Overall, it hence seems evident that
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the main macroeconomic driver of social cohesion over the past four decades has not so
much been rising inequality as such, but rather rising prosperity and the associated individualization and increasing stratification of trust it brings. The modernization dynamic that is
shifting the sources of cohesion from the communal to the voluntaristic, so well-identified in
the classical sociologies of Durkheim (1964 [1893]), Simmel (1950 [1908]), Weber (1978
[1921]), Tönnies (1957 [1887]) and others, thus continues to be playing out in the 21st century, right before our eyes.
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Figure and Tables

Figure 1
The cross-sectional and longitudinal association between inequality and social trust

Notes: Scatterplots based on N=918,776 respondents nested in 639 country-survey waves from 32 countries
Sources: Harmonized EB, ESS, EVS, WVS, GSS, and ISSP 1980-2019 database

Table 1
Inequality and prosperity as drivers of generalized social trust
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disp. incomes)
Log2 GDP/capita

(a)
bivariate
baseline

(b)
+ GDP

(c)
+ “tunnel
effect” interaction

(d)
+ personal
success

(e)
+ cross-level
interactions
w success

-0.000
(0.002)

-0.005**
(0.002)
0.071**
(0.010)

-0.006**
(0.002)
0.072**
(0.010)
-0.002
(0.001)

-0.009**
(0.002)
0.037**
(0.011)
-0.005**
(0.001)
0.075**
(0.004)

-0.009**
(0.002)
0.036**
(0.011)
-0.005**
(0.001)
0.070**
(0.004)
0.000
(0.001)
0.009**
(0.003)

No

No

No

Yes

Yes

No

No

No

Yes

Yes

No

No

No

Yes

Yes

Yes
Yes
Yes
Yes

Yes
Yes
Yes
Yes

Yes
Yes
Yes
Yes

Yes
Yes
Yes
Yes

Yes
Yes
Yes
Yes

x Gini (household
disp. incomes)
R Level of
Education
x Gini (household
disp. incomes)
x log2 GDP/capita

Country-specific
effect of education
R socio-demographic controls
Country-wave
random slopes
Country-wave RE
Question-type FEs
Survey FEs
Country FEs

Notes: Selected parameter estimates from hierarchical linear probability models,
N=918,760 respondents nested in 639 country-survey waves from 32 countries; cluster-corrected
standard errors in parentheses, statistical significance levels indicated at ** p<0.01, * p<0.05, † p<0.10
Sources: Harmonized EB, ESS, EVS, WVS, GSS and ISSP 1980-2019 database

Figure 2
Social trust and the prosperity-inequality trade-off in 32 countries

Notes: Root functions (patterns of macroeconomic changes implying prediction of zero net effects) implied in
regression estimates; predictions based on model specifications b, c, and d in Table 1, respectively

Table 2
Trust as a private benefit of prosperity: Is it potential or actual success that matters?
S: Level of education
(c)
(d)
(e)
pure macro + personal
+ crossmodel
success
level interaction
Gini (household
disp. incomes)
Log2 GDP/capita
x Gini (household
disp. incomes)
R Level of
Education
x Gini (household
disp. incomes)
x log2 GDP/capita

-0.007**
(0.002)
0.073**
(0.010)
-0.003*
(0.001)

-0.010**
(0.002)
0.035**
(0.011)
-0.006**
(0.001)
0.081**
(0.004)

-0.010**
(0.002)
0.033**
(0.011)
-0.006**
(0.001)
0.076**
(0.005)
0.000
(0.001)
0.011**
(0.003)

S: Class (hierarchy)
(c)
(d)
(e)
pure macro + personal
+ crossmodel
success
level interaction
-0.008**
(0.002)
0.068**
(0.010)
-0.003*
(0.001)

R Class

-0.010**
(0.002)
0.043**
(0.011)
-0.004**
(0.001)

-0.010**
(0.002)
0.042**
(0.011)
-0.004**
(0.001)

0.024**
(0.001)

0.023**
(0.001)
0.000†
(0.000)
0.003*
(0.001)

615,723
635

615,723
635

x Gini (household
disp. incomes)
x log2 GDP/capita

N respondents
N country waves

718,061
639

718,061
639

718,061
639

615,723
635

S: Education + Class
(c)
(d)
(e)
pure macro + personal
+ crossmodel
success
level interaction
-0.008**
(0.002)
0.068**
(0.010)
-0.003*
(0.001)

-0.011**
(0.002)
0.028*
(0.011)
-0.006**
(0.001)
0.064**
(0.004)

0.015**
(0.001)

613,377
635

613,377
635

-0.011**
(0.002)
0.026*
(0.011)
-0.006**
(0.001)
0.058**
(0.005)
-0.000
(0.001)
0.010**
(0.004)
0.015**
(0.001)
0.001*
(0.000)
0.002†
(0.001)
613,377
635

Notes: Selected parameter estimates from hierarchical linear probability models, model specifications corresponding to models (c)-(e) in Table 1,
working-age respondents only; cluster-corrected standard errors in parentheses, statistical significance levels indicated at ** p<0.01, * p<0.05, † p<0.10
Sources: Harmonized EB, ESS, EVS, WVS, GSS and ISSP 1980-2019 database

Table 3
Inequality, redistribution and prosperity as drivers of generalized social trust

Gini (household
market incomes)
Public redistribution (Gini points)
Log2 GDP/capita

(a)
bivariate
baseline

(b)
+ GDP

(c)
+ “tunnel
effect” interaction

(d)
+ personal
success

(e)
+ cross-level
interactions
w success

-0.001
(0.002)
0.005
(0.003)

-0.005**
(0.002)
0.006†
(0.003)
0.070**
(0.010)

-0.005**
(0.002)
0.003
(0.003)
0.081**
(0.010)
-0.002
(0.001)
0.009**
(0.002)

-0.008**
(0.002)
0.002
(0.003)
0.047**
(0.011)
-0.004**
(0.001)
0.009**
(0.002)
0.075**
(0.004)

-0.008**
(0.002)
0.002
(0.003)
0.046**
(0.011)
-0.004**
(0.001)
0.009**
(0.002)
0.069**
(0.005)
-0.000
(0.001)
0.000
(0.001)
0.009*
(0.003)

No

No

No

Yes

Yes

No

No

No

Yes

Yes

No

No

No

Yes

Yes

Yes
Yes
Yes
Yes

Yes
Yes
Yes
Yes

Yes
Yes
Yes
Yes

Yes
Yes
Yes
Yes

Yes
Yes
Yes
Yes

x Gini (household
market incomes)
x public
redistribution
R Level of
Education
x Gini (household
market incomes)
x public
redistribution
x log2 GDP/capita

Country-specific
effect of education
R socio-demographic controls
Country-wave
random slopes
Country-wave RE
Question-type FEs
Survey FEs
Country FEs

Notes: Selected parameter estimates from hierarchical linear probability models,
N=918,760 respondents nested in 639 country-survey waves from 32 countries; cluster-corrected
standard errors in parentheses, statistical significance levels indicated at ** p<0.01, * p<0.05, † p<0.10
Sources: Harmonized EB, ESS, EVS, WVS, GSS and ISSP 1980-2019 database

Table 4
Inequality and prosperity as drivers of generalized social trust, variation across observation periods
(c)
pure macro
model

Gini (household
disp. incomes)
Log2 GDP/capita
x Gini (household
disp. incomes)
R Level of
Education
x Gini (household
disp. incomes)
x log2 GDP/capita

N respondents
N country waves

1980-2009
(d)
+ personal
success

(e)
+ crosslevel interaction

(c)
pure macro
model

1990-2019
(d)
+ personal
success

(e)
+ crosslevel interaction

(c)
pure macro
model

2000-2019
(d)
+ personal
success

(e)
+ crosslevel interaction

-0.010**
(0.002)
0.062**
(0.012)
-0.004**
(0.002)

-0.010**
(0.002)
0.043**
(0.013)
-0.006**
(0.002)
0.062**
(0.005)

-0.010**
(0.002)
0.043**
(0.013)
-0.006**
(0.002)
0.059**
(0.006)
-0.000
(0.001)
0.002
(0.004)

-0.003
(0.002)
0.073**
(0.011)
0.001
(0.002)

-0.006**
(0.002)
0.045**
(0.011)
-0.002
(0.002)
0.077**
(0.004)

-0.006**
(0.002)
0.044**
(0.011)
-0.002
(0.002)
0.071**
(0.005)
-0.000
(0.001)
0.010**
(0.004)

0.003
(0.003)
0.099**
(0.017)
0.002
(0.003)

-0.001
(0.003)
0.064**
(0.018)
-0.000
(0.003)
0.081**
(0.004)

-0.001
(0.003)
0.055**
(0.018)
-0.001
(0.003)
0.066**
(0.005)
0.001
(0.001)
0.029**
(0.006)

516,600
371

516,600
371

516,600
371

881,092
606

881,092
606

881,092
606

753,322
508

753,322
508

753,322
508

Notes: Selected parameter estimates from hierarchical linear probability models, model specifications corresponding to models (c)-(e) in Table 1;
cluster-corrected standard errors in parentheses, statistical significance levels indicated at ** p<0.01, * p<0.05, † p<0.10
Sources: Harmonized EB, ESS, EVS, WVS, GSS and ISSP 1980-2019 database

Table 5
Inequality and prosperity as drivers of generalized social trust, differences across country clusters
“Old” West (1980-2019 series)
(c)
(d)
(e)
pure macro + personal
+ crossmodel
success
level interaction
Gini (household
disp. incomes)
Log2 GDP/capita
x Gini (household
disp. incomes)
R Level of
Education
x Gini (household
disp. incomes)
x log2 GDP/capita

N respondents
N country waves
N countries

“Old” West (1990-2019 series)
(c)
(d)
(e)
pure macro + personal
+ crossmodel
success
level interaction

(c)
pure macro
model

CEE countries
(d)
(e)
+ personal
+ crosssuccess
level interaction

-0.010**
(0.003)
0.103**
(0.015)
-0.020**
(0.003)

-0.014**
(0.003)
0.041**
(0.015)
-0.021**
(0.003)
0.073**
(0.004)

-0.014**
(0.003)
0.041**
(0.015)
-0.021**
(0.003)
0.076**
(0.004)
0.002†
(0.001)
0.005
(0.005)

-0.002
(0.003)
0.089**
(0.019)
-0.015**
(0.004)

-0.005
(0.003)
0.024
(0.019)
-0.015**
(0.004)
0.075**
(0.004)

-0.005
(0.003)
0.024
(0.019)
-0.015**
(0.004)
0.078**
(0.004)
0.001
(0.001)
0.011†
(0.007)

-0.008**
(0.003)
0.066**
(0.014)
0.000
(0.003)

-0.007*
(0.003)
0.049**
(0.015)
-0.000
(0.003)
0.026**
(0.005)

-0.007*
(0.003)
0.049**
(0.015)
-0.000
(0.003)
0.020**
(0.006)
-0.001
(0.001)
0.008*
(0.004)

511,273
341
15

511,273
341
15

511,273
341
15

586,614
389
21

586,614
389
21

586,614
389
21

294,478
217
11

294,478
217
11

294,478
217
11

Notes: Selected parameter estimates from hierarchical linear probability models, model specifications corresponding to models (c)-(e) in Table 1;
cluster-corrected standard errors in parentheses, statistical significance levels indicated at ** p<0.01, * p<0.05, † p<0.10
Sources: Harmonized EB, ESS, EVS, WVS, GSS and ISSP 1980-2019 database

Appendices

Appendix A1
Datasets, data harmonization and sample description

Data sources
Survey microdata
For the purposes of the present analysis, we compiled and harmonized microdata from all
available waves or modules of the Eurobarometer (EB), the European Social Survey (ESS),
the European Values Study (EVS), the General Social Survey (GSS), the International Social
Survey Programme (ISSP), and the World Values Survey (WVS) that have been fielded in
the period 1980-2019 and that contain the generalized social trust question. Our database is
built from the corresponding scientific-use files and specifically comprises data from the following sources:
Eurobarometer (EB):
Rounds 25 (ZA1543, v1.0.1), 62.2 (ZA4231, v1.1.0), 72.1 (ZA4975, v3.0.0), 74.1 (ZA5237,
v4.2.0), 81.5 (ZA5929, v3.0.0), 88.4 (ZA6939, v2.0.0), and 93.1 (ZA7649, v1.2.0), scientificuse files obtained from https://www.gesis.org
European Social Survey (ESS):
Waves 1 (v6.6), 2 (v3.6), 3 (v3.7), 4 (v4.5), 5 (v3.4), 6 (v2.4), 7 (v2.2), 8 (v2.2), and 9 (v3.1),
all scientific-use files obtained from http://www.europeansocialsurvey.org/
European Values Study (EVS):
EVS Trend File 1981-2017 (ZA7503, v1.0.0), scientific-use file obtained from
https://www.gesis.org
General Social Survey (GSS):
GSS 1972-2018 File (Release 3), scientific-use files obtained from https://gss.norc.org/
International Social Survey Programme (ISSP):
Modules Citizenship (ZA3950, v1.3.0; ZA6670, v2.0.0), Religion (ZA5070, ZA5071, v1.1.0;
ZA7570, v2.1.0), and Social Inequality (ZA7600, v1.0.0), scientific-use files obtained from
https://www.gesis.org
World Values Survey (WVS):
WVS Time-Series (1981-2020) Cross-National Data-Set (v1.6.2), scientific-use files obtained
from https://www.worldvaluessurvey.org/wvs.jsp
Duplicate records in parallel EVS/WVS and GSS/ISSP releases have been removed from the
harmonized database.
Aggregate indicators
Our primary independent variables at the macro level describe the location and shape of the
national income distribution as approximated by real GDP/capita and the Gini coefficient for

household disposable incomes. In supplementary analyses, we also make use of the Gini coefficient for household market incomes in order to derive a measure of the level of public redistribution, and of the standardized unemployment rate as well as data on ethnic fractionalization to assess the robustness of our main results against additional controls at the macro
level. Our data sources for these aggregate indicators have been the following:
World Development Indicators (WDI), World Bank:
GDP/capita (real, in USD PPP) and standardized unemployment rates, available from
https://datatopics.worldbank.org/world-development-indicators/, last accessed 5/17/2021
Standardized World Income Inequality Database (SWIID, Solt 2020):
Gini coefficients for household market (pre-tax pre-transfer) and household disposable (posttax post-transfer) incomes, available from https://fsolt.org/swiid/, last accessed 5/18/2021
Historical Index of Ethnic Fractionalization (HIEF, Drazanova 2020), available from the Harvard Dataverse at https://doi.org/10.7910/DVN/4JQRCL, last accessed 7/22/2021

Survey data harmonization
The representative survey projects chosen for integration into a common database share many
commonalities of study design, questionnaire format and data content. Data harmonization is
often trivial in case of socio-demographic data, yet requires more explicit coding decisions in
other cases. For the purposes of the present analysis, three variables – specifically, our dependent variable of social trust, and the two principal attainment variables of respondents’
level of education and class position – require particular attention. To achieve a minimally
consistent coding of this information across the source surveys, we adopted the following
coding systems:
Social trust
The key piece of information and dependent variable in our study is the well-known generalized trust question “Generally speaking, would you say that most people can be trusted or that
you can’t be too careful in dealing with people?” While all source surveys use the verbatim
same question text, response categories vary across surveys and sometimes between waves in
the same survey series. To arrive at a minimally consistent measure, we have coded all available information down to the dichotomized EVS/WVS version that has the response categories “most people can be trusted” and “one cannot be too careful.” To arrive at consistent
coding across surveys, we have utilized the following coding scheme:
Question
variant

Response categories

Available in

Dichotomization cutoff

1

Can trust-can’t be too
careful dichotomy
Can trust-can’t be too
careful-depends
4-category version
(almost always/usually)
5-point Likert scale

EVS, WVS, EB (25),
GSS (1983, 2006)
GSS (most years),
EB (62.2)
ISSP, EB (93.1), GSS
(1998, 2004, 2014)
EB (88.4), GSS (2010)

as is

2
3
4

as is (depends assigned
to no trust category)
almost always + usually
can trust
𝑌 ≤ 2 (always trust = 1)

5

10/11-point Likert scale

ESS (11-point scale),
𝑌 ≥ 7 (full trust = 10)
EB (72.1, 74.1, 81.5, 10point scale)

As residual differences in response behavior are likely to exist between these various question variants despite the best harmonization efforts, we systematically incorporate survey and
question-type fixed effects in all regression specifications reported in the current analysis in
order to separate between data signals of substantive interest and those stemming from residual technical influences.

Level of education
The source surveys differ significantly in terms of the level of detail that is being provided on
respondents’ highest level of education, and data quality and the level of detail generally increases in more recent survey waves and in more recently started survey series. As our explicit aim has been to conduct the empirical analysis over a possibly extended observation
window, we decided on utilizing a relatively crude 5-category ISCED-based measure that can
also be obtained from the older survey waves. More specifically, we are able to distinguish
the following categories:
1
2
3
4
5

Less than lower secondary education (ISCED 0-1)
Lower secondary education completed (ISCED 2)
Upper secondary education completed (ISCED 3)
Post-secondary non-tertiary education completed (ISCED 4)
Tertiary education completed (ISCED 5-6)

For ease of interpretation, we furthermore use the linearized (metric) measure in the actual
empirical analyses. We have conducted additional robustness checks to make sure that the
primary inferences we report in the main text are unaffected by this simplification.

Class position
In one of the supplementary analyses, we intended to test the validity of treating respondents’
level of education as a measure of personal success against the alternative of using a measure
of respondents’ manifest success as reflected in their socio-economic standing and attainment. A measure of social class position seems the best option in this regard, since some information on respondents’ occupation is available in almost all survey waves included in our
database, whereas corresponding income data is more patchy and also less easily harmonized.
As is standard in the literature, we conceive of class position as a correlate of respondents’
permanent earnings level in the context of the present analysis, although this should of course
not be misconstrued into any claim that we would equate social class with permanent earnings in general. Likewise, as is also standard in the literature, our preference is to construct
the class measure from detailed occupational information and auxiliary employment and supervisory status data, yet sufficiently detailed data is only available in a subset of the source
surveys. The EVS/WVS surveys in particular do not record occupation data at all (except in
the more recent waves of the EVS), but instead rely on a self-reported measure of class position that is but a proxy of the standard EGP class scheme that is much more commonly used
in the stratification literature. In order to arrive at a minimally consistent measure of class that
at the same time allows us to keep the EVS/WVS survey waves in the sample, we decided to

maintain the EVS/WVS class categories as the basis for a (non-ideal, but) harmonized measure, but to code the class measure from the detailed ISCO occupations and by appropriately
combining the EGP (Erikson/Goldthorpe 1992) and the Oesch (2006) class schemes to differentiate the detailed occupation data in accordance with the EVS/WVS class categories. The
resulting class measure distinguishes the following 11 positions:
1
2
3
4
5
6
7
8
9
10
11

Professional and technical occupations
Higher administrator occupations
Clerical occupations
Self-employed
Service occupations
Sales occupations
Supervisors and foremen
Skilled worker
Semi-skilled worker
Unskilled worker
Farm worker

Like in the case of education, we use the inversely linearized (metric) measure in the actual
empirical analyses, both for ease of interpretation but also because emphasizing the hierarchical dimension inherent in the class scheme appears most consistent with the arguments of
the paper. We have again conducted additional robustness checks to make sure that our primary inferences are no more than trivially affected by this simplification.

Sample description
Variable
Dependent variable
Social trust
(dichotomized)
Independent variables
Macro covariates
GDP/capita (real, USD
PPP)
Log2(GDP/capita)
Gini (HH disposable incomes)
Gini (HH market incomes)
Public redistribution
(Gini points)
for partial sample:
Standardized unemployment rate

N

Mean

918,760

0.363

918,760

33,367

918,760
918,760

Std. dev.

Minimum

Maximum

0

1

17,731

4,103

91,120

14.77
29.77

0.930
4.19

12.00
20.2

16.49
38.4

918,760

47.69

3.72

33.3

56.4

918,760

17.92

4.02

9.50

25.9

911,190

8.03

3.89

0.73

27.47

Ethnic fractionalization
index (HIEF)
Respondent covariates
Gender (female = 1)
Birth cohort
(5-year intervals)
Age at interview
Highest level of education
- linearized (centered)
- categorical:
< lower secondary
lower secondary
upper secondary
post-secondary
tertiary
Class position (respondents aged 18-64 only)
- linearized (centered)
- categorical:
farm workers
unskilled workers
semi-skilled workers
sales occupations
service occupations
skilled workers
supervisors/foremen
clerical occupations
self-employed
higher administrator
occupations
professional and technical occupations
Technical covariates
Source survey
- EB
- ESS
- EVS
- GSS
- ISSP

687,975

28.07

16.68

1.5

71.9

918,760
918,760

0.541
1959.3

18.91

0
1900

1
2000

918,760

48.58

17.68

18

114

918,760
918,760

0.311

1.373

-2

2

0
0
0
0
0

1
1
1
1
1

-5

5

0.028
0.074
0.052
0.094
0.106
0.125
0.008
0.119
0.099
0.128

0
0
0
0
0
0
0
0
0
0

1
1
1
1
1
1
1
1
1
1

0.168

0

1

0.136
0.405
0.157
0.042
0.161

0
0
0
0
0

1
1
1
1
1

0.110
0.188
0.298
0.088
0.316

613,378
613,378

1.007

3.069

918,760

- WVS
Type of trust question
- Can trust-can’t be too
careful dichotomy
- Can trust-can’t be too
careful-depends
- 4-category scale
- 5-point Likert scale
- 10/11-point scale

0.099

0

1

0.269

0

1

0.061

0

1

0.164
0.026
0.480

0
0
0

1
1
1

918,760
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Appendix A2
Inequality and prosperity as drivers of generalized social trust,
controlling for cyclical effects

Gini (household
disp. incomes)
Log2 GDP/capita

(a)
bivariate
baseline

(b)
+ GDP

(c)
+ “tunnel
effect” interaction

(d)
+ personal
success

(e)
+ cross-level
interactions
w success

-0.001
(0.002)

-0.004†
(0.002)
0.059**
(0.012)

-0.002†
(0.001)

-0.005*
(0.002)
0.060**
(0.012)
-0.003*
(0.001)
-0.002†
(0.001)

-0.007**
(0.002)
0.018
(0.013)
-0.006**
(0.001)
-0.002*
(0.001)
0.076**
(0.004)

-0.007**
(0.002)
0.018
(0.013)
-0.006**
(0.001)
-0.002*
(0.001)
0.071**
(0.005)
-0.000
(0.001)
0.009*
(0.004)
-0.000
(0.000)

No

No

No

Yes

Yes

No

No

No

Yes

Yes

No

No

No

Yes

Yes

Yes
Yes
Yes
Yes

Yes
Yes
Yes
Yes

Yes
Yes
Yes
Yes

Yes
Yes
Yes
Yes

Yes
Yes
Yes
Yes

x Gini (household
disp. incomes)
Unemployment
rate
R Level of
Education
x Gini (household
disp. incomes)
x log2 GDP/capita
x Unemployment
rate
Country-specific
effect of education
R socio-demographic controls
Country-wave
random slopes
Country-wave RE
Question-type FEs
Survey FEs
Country FEs

Notes: Selected parameter estimates from hierarchical linear probability models,
N=911,190 respondents nested in 632 country-survey waves from 32 countries; cluster-corrected
standard errors in parentheses, statistical significance levels indicated at ** p<0.01, * p<0.05, † p<0.10
Sources: Harmonized EB, ESS, EVS, WVS, GSS and ISSP 1980-2019 database

Appendix A3
Inequality and prosperity as drivers of generalized social trust,
two-way fixed-effects model specification including period fixed-effects

Gini (household
disp. incomes)
Log2 GDP/capita

(a)
bivariate
baseline

(b)
+ GDP

(c)
+ “tunnel
effect” interaction

(d)
+ personal
success

(e)
+ cross-level
interactions
w success

-0.003
(0.002)

-0.002
(0.002)
0.057**
(0.017)

-0.004
(0.002)
0.056**
(0.017)
-0.002
(0.001)

-0.004†
(0.002)
0.070**
(0.017)
-0.003*
(0.001)
0.075**
(0.004)

-0.005†
(0.002)
0.068**
(0.017)
-0.003*
(0.001)
0.070**
(0.004)
0.000
(0.001)
0.009**
(0.003)

No

No

No

Yes

Yes

No

No

No

Yes

Yes

No

No

No

Yes

Yes

Yes
Yes
Yes
Yes
Yes

Yes
Yes
Yes
Yes
Yes

Yes
Yes
Yes
Yes
Yes

Yes
Yes
Yes
Yes
Yes

Yes
Yes
Yes
Yes
Yes

x Gini (household
disp. incomes)
R Level of
Education
x Gini (household
disp. incomes)
x log2 GDP/capita

Country-specific
effect of education
R socio-demographic controls
Country-wave
random slopes
Country-wave RE
Question-type FEs
Survey FEs
Period FEs
Country FEs

Notes: Selected parameter estimates from hierarchical linear probability models,
N=918,760 respondents nested in 639 country-survey waves from 32 countries; cluster-corrected
standard errors in parentheses, statistical significance levels indicated at ** p<0.01, * p<0.05, † p<0.10
Sources: Harmonized EB, ESS, EVS, WVS, GSS and ISSP 1980-2019 database

Appendix A4
Inequality and prosperity as drivers of generalized social trust,
controlling for effects of ethnic fractionalization (1980-2014 data only)

Gini (household
disp. incomes)
Log2 GDP/capita

(a)
bivariate
baseline

(b)
+ GDP

(c)
+ “tunnel
effect” interaction

(d)
+ personal
success

(e)
+ cross-level
interactions
w success

-0.000
(0.002)

-0.004†
(0.002)
0.058**
(0.013)

-0.001
(0.001)

-0.006*
(0.003)
0.057**
(0.013)
-0.004**
(0.002)
-0.000
(0.001)

-0.007**
(0.003)
0.039**
(0.013)
-0.006**
(0.002)
-0.002*
(0.001)
0.067**
(0.004)

-0.007**
(0.003)
0.039**
(0.013)
-0.006**
(0.002)
-0.002†
(0.001)
0.063**
(0.005)
-0.000
(0.001)
0.005
(0.004)

No

No

No

Yes

Yes

No

No

No

Yes

Yes

No

No

No

Yes

Yes

Yes
Yes
Yes
Yes

Yes
Yes
Yes
Yes

Yes
Yes
Yes
Yes

Yes
Yes
Yes
Yes

Yes
Yes
Yes
Yes

x Gini (household
disp. incomes)
Ethnic
fractionalization
R Level of
Education
x Gini (household
disp. incomes)
x log2 GDP/capita

Country-specific
effect of education
R socio-demographic controls
Country-wave
random slopes
Country-wave RE
Question-type FEs
Survey FEs
Country FEs

Notes: Selected parameter estimates from hierarchical linear probability models,
N=687,975 respondents nested in 486 country-survey waves from 32 countries; cluster-corrected
standard errors in parentheses, statistical significance levels indicated at ** p<0.01, * p<0.05, † p<0.10
Sources: Harmonized EB, ESS, EVS, WVS, GSS and ISSP 1980-2019 database, 1980-2014 series only

